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What Is Generative Al?

Al techniques that learn from data about
existing artifacts and use this to generate
new artifacts.

o Generative Al

H Large machine learning models that are
Foundatlon trained on a broad set of unlabeled data and
MOdels are fine-tuned to a wide range of applications.

Al that is trained on vast amounts of text
to interpret and generate human-like
textual output.

Large Language
Models (LLM)

co ChatGPT

An OpenAl service that incorporates
a conversational chatbot with LLM to
create content.

Gartner.
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¢ Welcome to the ® InstructLab Project

&GO Instruct
I

InstructLab is a model-agnostic open source Al project that facilitates contributions to Large Language Models (LLMs)
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Source: https://github.com/RedHatOfficial/rhelai-dev-preview

| RHEL Al OpenShift Al

InstructLab
Teacher Model
Mixtral
ilab download
i Student Model
T Trained Granite
axonomy > Model ilab download
ilab init >
Y y T I
3
\
Taxonom Synthetic Data Trained Model Training
y Generation (CLI) Inferencing ’LLM [ :
';. DeepSpeed |

InstructLab container .
[ GPU accelerated | VvLLM container

Training container

f

InstructLab containerimage set, 1of 3 [ cuda | rocm | synapse ]

1

O PyTorch SDK / drivers
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RHEL Image Mode ( bootable image): [ GPU accelerated ]
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