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"Fintech 7|g& A& HP U= & 2kl= 2|Y. 2Heli 8 Eoe| Ol2h”
- Satoru Yamadera, ADB (APEC FRTI Regional Seminar, Seoul, 2018)
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213 : Asia Development Bank F%| | 284=3 Host | X=X} AO|Lt
APEC FRTI REGIONAL SEMINAR Fintech and Cybersecurity
12-15 November 2018, Seoul, Republic of Korea (5. Application of Technology into finance : case study1 “Lenddo & CrePASS case”)
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Peru Africa
15% — 13% 1% W% —o2%
@ o 30% 22%
B 0% 7% 7% I 15%  17%
5 5% 5 10%
£ s £ 10%
o o
0% 0%
Worst Best Worst Best
score o SCOTE score o SCOTE
Mexico Indonesia
50% 45% 38% 20% 18%
g Ao 2% £ 15w 1%
0
Z a0% 24% g 10% g
B 20% 13% a 5%
S 10% 8 5% Note: The absolute level of default varies for each entity
° and depends on various factors such as the
0% 0% macroeconomic environment, the segment attended,
Worst Best Worst Best product characteristics (rates, term, amount) and
score ——————mNM  score score e ————S  score characteristics inherent to the entity's credit policy (i.e.

admission process, collections policies, etc.)

Our scores have proven to predict default regardless of language, population or culture

.,
ohtee,

£#% 5 LenddoEFL
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APEC FRTI REGIONAL SEMINAR Fintech and Cybersecurity
12-15 November 2018, Seoul, Republic of Korea (5. Application of Technology into finance : case study1 “Lenddo & CrePASS case”)
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- S22 BEEYS 2ot 2|43 He| LioM HE5HH HO|E =4, =XE HO[H 722 Top 300 Y=2 24010 {203 =5 W=, 22 H120|= A
o d
=

o aT
° CHRME IRt CBSE= e A8l 52 S8 (CBSE 5~658) U B R=& HCt 2+t 9f 68%2| 124

1. Trial 1: Lasso Regularization

Gini K-S Bl
CB 26.28 19.25
Lasso 43.63 31.87
CB + Lasso 46.99 (+20.71) 34.16 (+14.91)
2. Trial 2: Scorecard
Scorecard 49.3 ’\39.206
CB + Scorecard 52.8 (+26.52) (42.1a+22.91)
CHOHE 7} A2|(CB 1~453 E9l(CB5~653) 123 txl..(s.B,_.? +53)
Grade Portion Bad Rate Portion ® | Bad Rate | = Portic... el
A 060%|  04d%|t | e BRI} 25t
B 19308 1.54%| : .' =2| S30|Ale
C 39.20% 401%| = A : E
c JO?L 2 ulﬁl- ;T:I Risk Ij £
T 30%| 14.05%| =
Total 100.00% 5.10% E
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Case2

o Casel Z1f0 E R0t A=2 HIHQZ, 4 HJHO|E{0)|M =0t BB A, 2R A
° CBSE 6~8520 U5t 218521t 2HIY Score 2552 A&, 2HE 5% 0[010] £3k= BT S2Y 32, S2l82t AMIS0| 25 JHE (I BELIAL AR
A =35 oy o| 20| O|ALZAM Ol = 3} = lllustrative
Adgt ZHO|MO| S92 OAHET B2l 6,7, 85| & 7ts o
B (M145% ~ 21.18% 2 2JAHZTE # 2| =)
ot T CB S5 7I&E2 AT HelolA
_ = e S0 olet ANHE Hel i A
. 6 7 3 Total SAZ2 STA7IL 2FES A2ATI=
: BUE 7|0E = A2
A 145% | 3.17% | 3.65% |i 2.28%
B 2.09% | 3.78% | 5.14% | 3.09%
== C 286% | 4.50% [ 7.75% | 4.26%
D 485% | 7.14% | 10.73% | 6.77%
E 8.28% | 14.97% | 21.18% | 13.20%

Tovii™%| 3.27% || 5.63% | 872% | 4.99%
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MODEL PERFORMANCE

MODEL GBM ® 456 S2°| SWAPIN H|8: 73.45% ® KS:52.61%
e HH| SWAP_IN H|Z: 81.38% - 26007
) ) LENDDO CB GRADE
ee i GRADE 1 2 3 4 5 6 7 8 9 10 Total
L1 0.00% | 0.01% | 003% | 0.09% | 020% | 068% | 203% | 2.09% | 513% | 18.95% 0.19%
Ao AT L2 0.03% | 0.02% | 004% | 0.16% | 037% | 090% | 2.72% | 3.24% | 6.90% | 25.09% 0.53%
L3 0.04% | 0.07% | 012% | 035% | 070% | 158% | 415% | 568% | 10.39% | 41.30% 3.46%
Total 0.02% | 0.02% | 0.05% | 0.17% | 0.41% | 1.10% | 3.28% | 4.53% | 9.17% |37.31%| 0.97%
L1 1149% | 1046% | 735% | 413% | 3.18% | 187% | 122% | 042% | 0.13% | 0.05% 40.30%
POPULATION (%) L2 783% | 861% | 741% | 491% | 410% | 3.09% | 248% | 093% | 031% | 0.13% 39.81%
L3 127% | 181% | 223% | 207% | 265% | 296% | 329% | 194% | 1.04% | 0.62% 19.89%
Total 20.60% | 20.89% | 16.99% | 11.11% | 9.94% | 7.92% | 6.98% | 3.29% | 1.49% | 0.80% | 100.00%
71 cBS =2 ETYERLCI ¥2 nAWFH|E IN (%) 100.00% 91.32% 86.86% 81.33% | 73.30% | 62.57% 52.88% 41.14% 30.19% 22.21% 81.38%
7|1E cBSaE EYERCI 2 0ZH|E OUT (%) 0.00% 8.68% 13.14% 18.67% | 26.70% 37.43% | 47.12% 58.86% 69.81% | 77.79% 18.62%
INDZH SEHE IN_BADRATE 0.02% 0.02% 0.04% 0.13% 0.30% 0.82% 2.50% 2.88% 6.36% 23.34% 0.35%
IN D28 H| & IN(%) 93.08% 73.45% 45.17% 81.38%
INTLZY 2UE IN_BADRATE 0.02% 0.35% 3.54% 0.35%

Distribution by Lenddo Grade

30% 39.81%

3.46%

3%
9%

Distribution of Good and Bad by Lenddo Grade

~
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*& WL CHARE: 2F 2640

LHolA CBSE B8 HLt 24t

O O
* CBSE1CHE 2t S5 28RO

CHOHE 7} sessssssssss,SB GRADE
Grade 1 2 3 4 5 6 i 7 8 9 10 Total
L1 0.00% | 0.01% | 0.03% 0.09% 0.19% 0.68% E 202% | 2.09% | 519% | 18.82% 0.19%
BAD RATE (%) L2 0.03% | 0.02% 0.04%, 0.16% 0.38% 089%s| 272% | 3.20% | 6.87% | 25.22% 0.52%
L3 0.04% | 0.07% | O. 0.35% 0.70% 159% | 4.16% 569% | 10.38% | 41.27% 3.45%
Total 0.02% | 0.02% % | 017% | 0.41% | 1.10% | 3.28% | 4.53% | 9.17% | 37.31% 0.97%
L1 11.45% | 10.40% 29% | 4.10% 3.16% 1.85% 1.20% | 041% | 0.13% | 0.05% 40.05%
POPULATION (%) L2 7.86% 8. 745% | 493% | 411% 3.10% 248% | 093% | 0.31% 0.13% 39.95%
L3 1.29% 2.25% 2.09% 2.66% 2.98% 3.30% 1.94% 1.04% 0.62% 20.00%
Total | 20.609 b | 16.99% | 11, 11%.].9-94%, | 7,93%.| 6.98% | 3.29% | 1.49% | 0.80% | 100.00%
71Z (BS2Y EYERCI Y2 nZLH|E IN(%) 100 % 86.76% k81.20% | 73.18% 6243‘%: 52.77% 40.98% 30.17% 22.15% 81.29%
7= (BE3E EZEHL 22 aWSH|8 OUT(%) 9% | 13.4% | 1880% | 26.82% | 37.57% | 47.23% | 59.02% | 6983% | 77.85% [ 18.71%
INDZ EHE IN_BADRAT 001% | 004% | 013%. . 030%.1.081% | 249% | 286% | 637% | 2340% | 0.35%
TEETYE INGG 93.01% - 7332% 7 25.06% 81.29%
ND7 E2E INB 0.02% 3.54% 0.35%
O T 7|E CB 4~652 LMAL
0.09% 2 3 73.32%01A =7} 7|=2] M3
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[HEHA
Train Validation
KS AUROC AR KS AUROC AR
36.91 74.39 48.79 33.59 72.46 4492
[2& L Feature 7| K]
ang|E | A30] Feature .

No d243Y 7| H|= b/ ES sEot =X
BT 2y
2 24 | | 81.0%
3 T USd &%t 20% 80%
1 REuedss Al / ooy 162% 157
5 %LH%@%E‘{}_B% || B [ ] ] 13.3% 54.1% 60%
6 =8&2 TU/2 | 10.6%

4olE 2 e o $49.9%9%
7 10|H_Q || || 10% : T % 40%
8 O A| K| ZFLH/2| | | B 8.7%
9 NOC ] / y 4 5.8%
10 CIOlH | | 26 2%
11 O Al K| |_|
12 O|O|E| A|ZtC 0% 0%
13 73 1 A: 2111 |E §+H Y T N
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