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2. Dynamic Hadoop Provisioning
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2. Real-Time Pipeline
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Spark ML v il
Pipeline 3t | £ .
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LogisticRegression
Logistic regression is a popular

methed to predict 2 categorical
response, It is a special case of
Generalized Linear models that predicts
the probability of the outcomes. In
spark.m| logistic regression can be used
to predict a binary outcome by using
binomial logistic regression, of it can be
used to predict a multiclass outcome by
using multinamial logistic regression
# automodel

choose whether to use autoML
@ label

Param for label column name
@ splitWeight

ratio of training set. Default is 0.7,

@ elasticNet

Param for the ElasticNet mixing
parameter, in range [0, 1]

@ intercept
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2. Deep Learning Modeler
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B ui It_l N Collector 27 473

- module: mysql
H X 1 ' metricsets: ['status')
erVICe o period: 10s

# Host DSN should be defined as 'user:passftcp(127.0.0.1:3306)/'

# The username and password can either be set in the DSN or using the username
# and password config options. Those specified in the DSN take precedence.
hosts: ['root:@tcp(l69.56.124.28:3306)/")

# Username of hosts. Empty by default.
#username: root

# Password of hosts. Empty by default.
#password: secret
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2. Data Insight
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3. UseCase -
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3. UseCase - HE| HadoopZ2{AHEE
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3. UseCase - HO[E{HIES| MEH HJEH 2L |E{Z
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< tlc-cluster  #ei e Elastic Version: :6.2.4
a9t w2l DU Built-In Service
S =
- CHHO| ZE[o = [ ML 2O W=7 =& X
Node Indices Document s
2 6 33.9k 15.25 MB

Active Shards Unassigned Shards Initializing Shards Relocation Shards
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B o e s 2. MAIZE Mu Xt AFRE Al2t3t

Nam M/D HTTP ADDR HeapUsed  FreeSpace  Load Name Docs shards Replicas size C:;:
e || o [ o [ [ e + M X ALEF (CPU, Memory, Disk I/0,
< 12/2 > »  Homg®se | 10 v e — ; : IB:nMB — Memory I/O)
m O | Host Ov IK: TIP: To select another host, g0 to the Systern Overview dashboard and double-click a host name. ° AE‘*'?_I- }_ﬁl Eal_'ol *I__g_ElE EEA-"& Top 1 0 }_§|
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