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Logical Data Document Store DBMS
Warehous Complex-event Procassi
Hadoop iterfaces Content Analytics
Video Search Dynamic Data Masking

Key-Value DBMS

Cloud-based Grid Computing
In-memeory Database Management Systems

Table-Style DBEMS

Intent-driven Customer Systems
Search-based Data Discovery Tools

High-performance Message Infrastructure

Hadoop Distributions
In-memory Data Grids

Graph|Databases

Cloud Parallel Processing
Database Software
as a Service
(dbSaas)

Cloud Computing

Operational Intelligence Platforms ]
In-memory Analytics

Text Analytics

Predictive Analytics

Speech Recognition

Intelligent Electronic Devices

As of July 2013

Innovation Peak of Trough of Plateau of
Trigger Ex[!::»:l::;fi-c"an s Disillusionment Slope of Enlightenment Productivity
time -
Plateau will be reached in: obsolete

Olessthan 2years O 2toSyears @ S5to 10 years

#GartnersSYM

i© 2013 Gariner, Inc. andior its affliates. All rights resenved.
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A more than 10 years
Source: Hype Cycle for Big Data, 2013, 31 July 2013 (GD0252431)

® before plateau

Gartner
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expectations
S Context-Enrched Services
Wideo Search
Information Semantic Services
. O
Intent D Ustomer Sysie <"
I k. . .
Data Science ~J/ Social Analytics .
O Entity Resolution and Analysis - .
_ | &~ Sales Analytics Predictive Analytics
Big Dats+&rabesor C-Commerce Telematics . . O
Speech Recognition
Social Media Monitors
Quantified Self -’
R [ T——— ' .
Information Valuation and In-Memory Analytics
Infonomics ~ %2 Text Analytics
% Big Data Analytics for Customer Service
As of July 2013
. Peak of
Innovation Trough of . Plateau of
Trigger Exélfé?::;n < Disillusionment Slope of Enlightenment Productivity
time v
Plateau will be reached in: obsolete
Olessthan2vyears O 2toSyears @ 5to10years A morethan 10 years & before plateau
#GartnerSYM Source: Hype Cycle for Big Data, 2013, 31 July 2013 (G00252431)

& 2013 Gartner, Inc. andior its affliates. All rights reserved. Ga rtne rz
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Transactions
Operational
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Customer Experience Management

:
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¥ " - Customer-centricity

Risk Management

Digitalization

E-business

Digital Business

-

Customer Relationship Management
N i1}
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Account Closure O
Customer Transfer @ General O
8 @ Fee Reversal

Product and Rate Offers O @ Product and Rate Offers

@+
Automatic Transfer: Add O
@ Customer Transfer

Account Linkages (Checking) O

Channelo
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Primary Bank ECNS (first two weeks)

Non Primary ECNs (tirst two weeks)

le /2.9 phose 12,9
2:5 1.9

0.4

1.4

&1 ) SVP : Personal Banker

BEV : Online (Mobile and PC) or OSP (Online Sales Platform)
15 1/15/2014

EFOIE SMS S = M8 HOANBS BE HOIE 318 H

TERADATA



A0 At Jle= 222 OIAlol et =4

Mesma Titularidade TOP 20 - Mayo 2013

All transactions - May 2013 (Millions of Pesos) Move your mouse over the diagram to show values

Move your mouse over the diagram to show values

>

Graph parameters: Directed: true MNodes: 44 Edges: 84

Graph parameters: Directed: true MNodes: 11 Edges: 21
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View  Layout Properties

HSBC 0013220426

Mode Value 2
Maodularity Class 4
Eccentricity 2
Closeness 1
Betweenness 0
In-Degree 1
Out-Degres 1

GALICIA 01002682889991

Mode Value 53.3843
Modularity Class 4
Eccentricity 1
Closeness 1
Betweenness 12

m

GALICIA 01002682889991

Mode Value 53.3843
Madularity Class 4
Eccentricity 1
Closeness 1

Betweenness 12

m
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Transaciones Interbanking - Mayo 2013 (millones de pesos)
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O&ﬁ@‘!}’\fargc

@-ApplIStaREvent - CC
%

Db
@-Unknow ’3
Dbev Slive OmappigtartEvent - EDL
@-toshiba D-nedsvc D-live
Sabdgknown @ landi @-Wielle-Fargo -
. = e r:-.&&gpISubmﬂE'.'Enl— EDL
@-osmp @-yahoo = D bev -
@-google @-aol @-Unaknown @-Unknown
©r-selectidibsfiprotection @-applStartEvent ~PCK ©-Wiells Fargo [}
@-enhanceditp @ wverizon @ bev
Ormediaplex & bing & vahoo Ewvent - CC
@-babylon @-google aol O O bev
©-wihm @-leadfusion O © ¥yels Farge
@ avg mail O google O ©@-Unknown
@ bing outlook O @-gougle
O ApplStariEvent - TP
©-aot Obev End
@-yahoo & Unknown
@-wr @-&ppIStartEvent - TP
© Unknown
O-live D-4ppiStartEvent- CC mitEwvent - TP
D-bev
@ life - insurance - 2ersobanceditp O @-ApplSubmitEvent - PRLA
©@-elle Fargo
&rsxperian O ApplSubmitEvent - INSIRA
@ nsdsvc @-ApplSubmitEwent - BISCHK
@carddesignstudio @ApplSubmitEvent - WFOR
@ =sesarch - results @ ZpplSubmitEvent - WFOB
@-leadfusion @-ApplSubmitEvent - CD
@ 1043 email=you@company @ ApplSubmitEvent - BISSAW
@ https : Vstartpage
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Interactive affinity
graph analysis

tean show product and service L} Martgage Producte
ecommans atons and
ralatiansaips acress 2l offarings,
spacifics categeres or even for a
single cLszomer.

It is =asy to gsnerate by running ) i ] Brokerage Services
an out of box SOL MR fuackion
and visualization aperator,

b

One could even generate a
personalized, high resclution
recommendation (FDF file)
for every customer!

Idantify "gateway” links and connectons into
other products/servicas, categories and sub-
rclationships indicated by different colored
nodes. Node color is aulormalically caloulaled
based on recommendation clusters.
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- Teradata Aster SQL-MapReduce 2|Et2| J{OIS} F=H

CFILTER |

SELECT * '
e efilter ( Buzsiness analvsts can leverage

ON (select 1) their ezmsting SOL shkills to rapidly

PARTITION BY 1

DATABASE (*platform 1') create and manage the process

INPUTTABLE ('store pos')

OUTPUTTABLE ('pos _cfilter out') -- Output Table

INPUTCOLUMNS ('product_name') —— Market Basket Item

JOINCOLUMNS ('tranid') —-— Basket Key (i.e. PARTITION BY)
) AS cfilter ;

Additional data sources can

CFILTER be easily added to the VISUALIZE T
RECOMMENDATIONS | [Tocess Smpy 12 fun SaL seuzc + AN
SELECT * tl:l galn oy lIElghtE' FROM SQL-Graph (
FROM cfilterRecommender ( ON pos_cfilter_out
ON (select 1) PARTITION BY 1
PARTITION BY 1 ITEM FORMAT ('cfilter')
DATABASE (‘platform 1') ITEM1_COL ('coll_ iteml')
TRANSACTION_TABLE ('web tran') -— Web ITEM2_COL ('coll_ item2')
CFILTER TABLE ('pos_cfilter_out') —-— In-Store POS SCORE_COL ('confidence')
RECOMMENDATION_TABLE ( ‘xchan_recommender') CNT1_COL ('entl')
USER _COLUMN (‘web_shopper') CNT2_COL ('ent2')
PURCHASED_ITEM_COLUMN (‘web_product') OUTPUT_FORMAT ('sigma')
FILTER_ZSCORE ('-2"') DIRECTED ('true')
) ASR ; TITLE (‘In Store Purchase Affinity')
)i
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. . - Top Schools

HOW FUTURE  EDBE WIDTH « Tel Aviv University

« University Of California,
systef architect Berkeley

* Harvard Business School

109 0r=0] Al =&

-~ * University Of Mumbai
software devélopment manager & P
architect

Top Degrees

diféering manager + BS in Computer Science
« MS in Computer Science
* MBA in Business
+ MBA in Banking And
Finance
+ BA in Economics

MEETE
73 0|LH 104
=2 A=A
= 2= E

HIE

0 =

Hmﬁ

architect Top Regions

+ San Francisco Bay Area
staff softi@re engineer owner » Greater New York City Area
. + Washington D.C. Metro
softw.
of tware8ngineer i
softiare architect chief tecHiglbgy officer « Greater Los Angeles Area
« Paris Area, France

[ ek gl
Ol = Hbnin
M oo 3 fo 2
oz o
n

{52 1o
=1

engineer
Top Job Titles

« Project Manager
+ Chief Technology Officer
evelopm@l manager « General Manager

softw SR Eons ultant

22

R Linked In2| CEO PathZ

member dSehhical staff Top Groups
| | [ |  Executive Suite
* EOffice
0 q + Forbes.com Entrepreneurs
« On Startups - The
Community For
iti Entrepreneurs
Top Transition Paths e e
Business Network
Software Engineer, Chief Executive Officer

Software Engineer, Software Engineer, Chief Executive Officer

Software Engineer, Software Engineer, Software Engineer, Chief Executive Officer

Software Engineer, Chief Executive Officer, Chief Executive Officer

Software Engineer, Consultant, Chief Executive Officer

Software Engineer, Chief Technology Officer, Chief Executive Officer

Software Engineer, Software Engineer, Software Engineer, Software Engineer, Chief Executive Officer
Software Engineer, Project Manager, Chief Executive Officer

Software Engineer, Software Architect, Chief Executive Officer

Software Engineer, President, Chief Executive Officer

1/15/2014 EFOIE SMS S = M8 HOANBS BE HOIE 318 H

M2kt A0 = FAFE
0|, 22 ndze

AIE =5 £1

MH|=Gt= Z2 0 0]
A M

|_E

TERADATA



3. 25 HOIHJIE JI& 85 &=t

« 2R A4 MOIY BEAE JEt22 F AME IS HEE M5S0t
Ol =0l 2=cF Mdlx 2130] Jis

Social Connections Influence Card Switchina Behavior Over Time

Card switching follows a pattern whereby one card switcher often quickly influences those in his
social network to also switch credit cards. The higherthe number of shared transactions between
social pairs, the more likely that one card switcher in the pair will influence the other card holder to
switch. Itis also likely that the higherthe number of social connections an individual has, the more
likely they themselves will be influenced to switch.

Social Influencer Group - June Social Influencer Group - August

é ¢ ¥ v
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Eile Edit
Rr=Rre|

Wiew Settings 2

d RE A E Q] DR E

169 ON (SELECT 1)
170 PARTITION BY 1
171 database( ' nab_pov')
172 userid( db_superuser')
173 password( ' db_superuser’)
174 dnputTable(' complaints_kmea
175 outputTable(’ complaints_kme
176  numberk('7')
177 threshold('0.01")
178 maxIterNum({' 50')
179 pH
180
181
< |
Lnl:282 Coll Selo 8.828 KB AMST
24 1/15/2014

word Fees and Ch..
account ®
annual [ ]
card )
charg O

L

chequ
credit
deposit
disput
fee
aold

word
account

card
chequ
credit
deposit
disput

fee

166 -- use k means clustering to cluster the compl
167 SELECT *
168 FROM kmeans (

Fees

Cards

Other Cards

complants single words

Accounts

Accounts

clusterid

Gold Account

.
tia single words
clusterid

Transactions

EFOIE SMS S = M8 HOANBS BE HOIE 318 H

Interest Rates

Credit Cards

Transactions

Loans

clustend
[ Fees and Charges
W cards

Other W Accounts

— | Il Gold Account

W interest Rates

M Transactions.

I otner

total

1,000
2,000
3,000
4486

total
500

1,000
1,423

clusterid

M Fess

™ | [ other Cards
W Accounts
W Transactions.

[ crestt cards
Other W Lo

. — [ Other

I
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Debit Fraud Type, ALL, 125 most common paths to Losses, max 90 days, 1 day gap
Debit Card I]:rhgi;;i::‘r:
PIH

___PH
-~ Validation

Validation
Public Site: P e
ssssss — Password
Change Via Changg Via
elp Help
ato0
addr_chg_onli
nes
addr_chg_phon
e
atm_card_stor,
e
heck_view check_view check_view check_view check_view
chk_issue_sto
dda_opened_st da_opened s
ore ore
harland
2m_fund _twfr
m2m_fund_txfr m_fund_t 2 fund i 12m_fund_tifr
2m_fund_tafr -
online_chg_pa
sssss d
xfr_phi fr_phone #fr_phone
R vfr nhona
" - . - - -
Crecit Frauo Thypse, sl L 135 ol comined reihs fo Losses mae 80 days 1 day geap
e L @ L e
s e Ty ] -,
E =L i Al rlAa A i ok Fi
s =] A [r=]

Credit
Fraud
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UNIFIED DATA ARCHITECTU RE - Tera data System

INTEGRATION & GOVERNANCE

CONNECTORS VIEWPOINT SQL-H, UNITY,

UNITY TVI, MDM STUDIO Marketing

=g dioleHolols

Applications

Business
Intelligence

TERADATA DATABASE

and Video

1

Machine
Logs

TERADATA
DATABASE

Math
and Stats

TERADATA
PORTFOLIO
FORHADOOP

Languages

Web and
Social

SOURCES

TERADATA ASTER DATABASE
ANALYTIC
E TOOLS & APPS
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AE gt =l
- CI0IE & 24 Z3E

> #1 G)0|EH|HSHS2 « Teradata 6700 or Teradata 2700

> #1 S === . Teradata Aster

> #1 O|0|&{ =2H= : Teradata 1700 or Teradata Portfolio for Hadoop

=
> SQL-H : Teradata & Aster2| Hadoop}S| & Al AM|A

> Smart Loader : Hadoop== £E{| Teradata= 1= {|0|&{ & FH

> Teradata & Aster connector : 2F2H2F A2 HlE

> Teradata Studio : =& L =4 Hl=

> Teradata View Point : == Z2L|EHE Al

> Teradata Vital Infrastructure : &M 20| A5 A&

> Teradata Unity : ZE| A8l 0| O|= & 22

> Fabric Based Computing = BYNET V5 =42 U ER = =4 HlE
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#1 HI2UHIOIEF &8 =<5, Teradata Aster

2H I

[l

« Teradata Aster= 2= 24 J|== M=ol &AM S
I E == EtAH o=
Advanced
Analytics

Data Warehouse/

Business Intelligenc
Plh.@

Integrated
Data
Warshouse
{(IDW)

Pre-Built SQL-MR
Analytics Functions
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Everything should be made
as simple as possible,
but not simpler.

Albert Einstein
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Teradata Aster A|AE! 1A

e HIHOIEl Bt Ol EM=E =ZHCZ J{EIE #1 A= == M

= L~ = T

« SNAP™ FrameworkZ J|2t= Z SQL + MapReduce + Graph 241

7
- - A » N
E o = &
= L) A
() AD R ) DA D
2
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-
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- ® ° :
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o
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Teradata Aster BIHIOIE E24 Atd

|

CBIZU A 2HS 213008 S FBIM S Chtst 2290182
20| X 23 0f 2

-

CHURN
ANALYTICS

FRAUD
ANALYTICS

oEl + STATISTICAL+ PATH +
TEXT

ol + STATISTICAL + GRAFPH

ol + STATISTICAL+ PATH +
GRAPH

DISCOVER [eiin)

BARNES &-NOBLE
M ;v"‘finq(] @metrics-

LOCATION o
t _

ANALYTICS SQL + GEOSPATIAL + PATH (comcast. INTUIT
AFFINITY sl + STATISTICAL + FPATH + Linked

ANALYTICS GhRAFH B overstock com o
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Higher
e Social — Customer
Graph Retention

Path +Sentiment ¥ Statistics
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Teradata Aster BIHIOIE E24 Atd

L 1222 SQLEZ0IZ HoIE S, MAal, 24, A2 M2

2 JEI°|E] - Hadoop GIoJE| BS > HMA{E > 24 A2

75,36,209.106 — - [20/May/2008:15:43:57 —
0400] "GET / HTTF/1.1" 200 15251 *
"hitp:/ /www.google.com,search ?hl=en&q="%22Ast SELECT FEEM GRAPHGEN(ON
gr+[:.;|g+5ﬁ|:dm5%n" "Mozilla/4.0 (compatible; SELECT
MGIE 6.0 Windows NT 3,175V 17 YPC 3.2.0¢ .NET
CIR 1.1.4322; \NET QIR 2.0.50727; MS-RTC LM 8)" FROM nPath(ON
98.210.132.2 baﬂ — = [27 /Mer/201 1h:1 1:45:47 - SELECT * FROM SESSIONIZE (ON
Q700 "=ET + 3 HTTR 11"
o l]ﬂma Jabaut/manngement php ! SELECT* FROM
"hitp:/ fwewewe bing.com/scarch ? g=aster+daotafiform
=QBLHSqs=n&sk=8sc=8-10" "Mozilla/4.0 LGA D_F RDM_T_D_HADIDG P}
([compatible: MSIE 7.0 Windows NT 5,1, NET CLR PARTITIONBY 5':“:_":'
1.1.,432%; NET CLE 2,0,50727; MET CLR
3.0.4506,2152; NET CLR 3,5.30729)" SYMBOLS {
Eﬁﬂ:qf'zﬁglgﬂnsn1nsﬂ—ﬁ 2001GET event LIKE "%EXTERIOR
i 2315 "

Jresources/imoges/support HTTP/1.,0" 301 187 "" LIGHTING%' A5 STAHT—EW NT—"
tMozlo/5.0 fcompoble: Yohool S event NOT LIKE "%BRAKE

tip:/ /help, yohoo.com /help/us/ysearch /slurp] "™
159.41.1.23 - - [06/Jul/2010:07:19:45 —0400] SYSTEM%' AS NEXT_EVENT)
"GET /public/js/common, js HTTF/1,1" 200 16711 -
"hitp=/ fwww.wooloo, org/wonjes” "Mozilla /5.0 RESULT{ ]
(Windows; U Windows NT 5,17 it ry!1.9.2.3) ]'I'I;
Gecko/ 20100401 Firefox,/3.6.3"
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Teradata Aster EIHIOIEH &A% Abd

, =, MZE A=

Viz

LOAD_FROM SESSIONIZE ( -
_TD_HADOQRP {---)

- 12&C SQLEZTWZ HI0|E 2 S, AF 2
=

[
i
I°

Teradata
Aster

nPath [ -

GRAPHGEN ( -
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Referral Channels Leading to Conversion

Move your rmouse over the diagram to show values

‘erical Space

Google Base

-ﬂ‘llllx\ .I.- ] ;;‘}\}!?L uniknossn]
".I‘ __ \ﬂ"\h& | '. I
3 \ i ,’H &f . '::\ “ﬁ“(':..&-
NN
'\ I\}t. "\‘H - ?p’?"’ ol Ses
Eﬁ‘&'g’ ."bﬂ‘_
ZANNAS secn

[unkn owen]

Fald Heyword Search

Social Media

o NS e

== Affiliates
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TERADATA ASTER

Visual SQL-MapReduce®

IN-STORE:CARD CHRSTMS CHILD

39.56

:CARD CHRSTMS STEPSON

/. IN-STORE:CARD CHRSTMS STEPFATHER

LY o0l

IN-STORE:CARD CHRSTMS ANYONE

RE:CARD CHRSTMS MHG FRIEND

IN-STORE:CARD CHRSTMS FRIEND

IN-STORE:CARD CHRSTMS FAMILY

IN-STORE:CARD CHRSTMS COUSIN(S)
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AMlZet =248 Al@= F gt Aster Lens

See Metadata to
understand analytic
context

Toggle between Card
View & ListView
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Enterprise Strategy Group | Getting to the bigger truth.

Accelerating Big Data Insight

Deployment

41X P JERADATA ASTER
. Deployment ESG Lab confirmed that Teradata
Aster delivers dramatically quicker

X analytics and big data insight—
Load Run Time particularly for complex

multi-stage analysis.
2 X Quicker*

Apache Hadoop

Development

2 7X Quicker Query
. Deployment*

Query Time

Faster Queries,
U p to 416 6.5X on Average*
*4 data types, 55 gueries, 12.9 Billion objects

e o~

DEPLOY DEVELOP

9.7X faster
-4 query run time

.3X less query
evelopment time

6X faster simple
uery run time

= 14X faster complex
! query run time

Read the full report at hitp://www asterda
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